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Research on the Framework of Network Video Public Opinion
Spread Feature Based on User Generated Content( UGC)

YIN Kun
( School of Literature and Media Chuzhou University Chuzhou 239000 China)

Abstract: The development of new media has opened up interactive and multi-directional in—
formation models greatly changing people’s lifestyles. The ecosystem of online public opinion
has become more complex bringing a series of practical and potential problems to the guidance
of online public opinion. In response the Network Video Public Opinion Spread Feature ( NV-
POSF) framework was proposed to analyze video public opinion features. NVPOSF integrates
intra modal inter modal and bimodal interactions to construct a fusion network based on multi
head attention. NVPOSF allocates reasonable attention to acoustic visual acoustic text and
visual text features to obtain important features. The experimental evaluation results indicate
that NVPOSF has better performance compared to existing frameworks. This actively leads
online public opinion by the government forming a strong positive public opinion and playing
an important role in leading public opinion on major social events.

Key words: user generated content; online video public opinion; bimodal framework

:2022-10-29
( SK2019ZD36)
(1983—)



3 . UGC

41

( User Generated Content UGC)

( NVPOSF)
1 NVPOSF
NVPOSF (T) . (A) (V)
(VT) ( AT) ( AV)
1 1
d
1.1
(U) .
BERT * d,
L.L
1 NVPOSF
L
LSTM )
. LibROSA d,

Q . FFmpeg MTCNN



4 ( ) 26

dul a; d“ v;
1.2
Z, 2, Z, N N
LAV VAT VT Z, 72, Z,
Z(”,‘ = Z(l ® ZI,'
Zut = Za ® Zt ( l)
Z'I/I = Zlf ® Zl
d . AV
VAT VT ReLU
Z, =RelU(W, xZ, +b,)
le = RELU( W(ll X Zul + b(tl) ( 2)
Z!l = ReLU( WL‘[ X Zl‘[ + bvt)
Z{u‘ N Zat Z't
H, =FC(Z, 6) (3)
H, s € {av at vi} .
1.3
X'=Xx W,
0 =0x W, (4
Y=Y xW,
Wy Wy Wy
O x (X"
A" = softmax( (X%) ) x Y (5)
Jd
d X
QO X V)= AL A A" X W, (6)
Wo
D = Concat( H(ll/‘ H(l[ H?,‘[) ( 7)
D .NVPOSF
NVPOSF . NVPOSF
AV AT VT
.D
Hpy =Wy x D
Hi)z = W;)z XD (8)
H =W, xH,
Wiy~ Wy W, AV AT VT



3 UGC 43
AVIAT.VT
. :v X (Hl ) T .
A, = softmax( — o ) x H),
d”l
: w X (Hy) ' .
A, = softmax( ?) X Hyp, (9)
d"l
: H, x (H),)" .
Al, = softmax( ) x H,
d”L
AV.AT VT
®( H(w D D) = A(lul N ’ AZL‘ X W()
®( Hat D D) = A[]zt; ’AZt X WO (10)
®( Hm D D) = Alll’ 'Afll X WO
W()
1.4
Am: > Aa[ AL’[ D
DNN
2
CH-SIMS * . .EF-
LSTM LSTM * .LF-DNN
DNN ’ _MFN
> Mult
Transformer 6 MISA
. . 7 Self-MM
N dropout
Adam 20  epoch
CH -SIMS 1
/% F1 /
BIMHA EF-1STM 69.38 56.83 0.59 21.5
.EF-18TM LF-DNN 77.12 77.38 0.45 63.5
MFN 77.98 77.99 0.44 6
LF Mult 78.65 79.64 0.45 180
—DNN MISA 69.56 57.12 0.59 12 300
EF - 1STM SelfMM 80.15 80.32 0.43 10 200
Mult Trans. _ NVPOSE 83.82 83.73 0.39 250
former .Self-MM
1
( 87 )



3 87
26 I 2019 39( 6) : 2361
-2369.
27 Fe~(2+) J. 2001( 9) : 14-16.
28 . I 2010 31( 1) :99-103.
29 CASALINI L C PIAZZA A MASOTTI F et al. Manganese removal efficiencies and bacterial community profiles in non—

30

31

32

33

34

35
36

bioaugmented and in bioaugmented sand filters exposed to different temperatures J .Journal of Water Process Engineering
2020 36:101261.
NN J. 2016 32( 15):20

-25.
YANNA LEGOUELLEC MENACHEM ELIMELECH. Calcium sulfate ( gypsum) scaling innano filtration of agricultural
drainage water J .JMembrSci 2002 205( 1-2) : 279-291.
KIM HA CHOI JH TakizawaS. Comparison of initialnano filtration for drinking water treatment J .SepPurif Technol
2007 56( 3) : 354-362.

.KMnO, Mn~(2+) J. 2018
44(6) : 46-51.
Z0GO D BAWA L M SOCLO H H et al.Influence of pre—oxidation with potassium permanganate on the efficiency of iron
and manganese removal from surface water by coagulation—flocculation using aluminium sulphate: case of the Okpara dam
in the Republic of Benin J .Journal of Environmental Chemistry and Ecotoxicology 2011 3( 1) : 1-8.

J. 2022 51( 1) : 110-113.
J. 2016 10(9) : 4733-4736.

43 )

RAHATE A WALAMBE R RAMANNA S et al.Multimodal co—learning: challenges applications with datasets recent ad—
vances and future directions J .Information Fusion 2022 81:203-239.
KENTON J] D M W C TOUTANOVA L K. BERT: Pre - training of deep bidirectional transformers for language
understanding C //Proceedings of NAACL-HLT.2019: 4171-4186.
YU W XU H MENG F et al.Ch—sims: A chinese multimodal sentiment analysis dataset with fine—grained annotation of
modality C //Proceedings of the 58th annual meeting of the association for computational linguistics.2020: 3718-3727.
DING N TIAN S YU L.A multimodal fusion method for sarcasm detection based on late fusion J .Multimedia Tools and
Applications 2022 81( 6) : 8597-8616.
BOEHM K M KHOSRAVI P VANGURI R et al. Harnessing multimodal data integration to advance precision oncology
J .Nature Reviews Cancer 2022 22(2) : 114-126.
CHANJ Y L BEAKT LEOW S M H et al.State of the art: a review of sentiment analysis based on sequential transfer
learning J .Artificial Intelligence Review 2023 56( 1) : 749-780.
HAZARIKA D ZIMMERMANN R PORIA S.Misa: Modality—invariant and—specific representations for multimodal senti—
ment analysis C //Proceedings of the 28th ACM International Conference on Multimedia 2020: 1122-1131.



